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Subgroup relevance analysis 19

Dam et al., JPSJ 87, 113801 (2018)
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Bagging-based dissimilarity voting machine
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KRR + Ensemble learning

Nguyen et al., J. Phys. Mater. 2, 034009 (2019);
(Corrigendum) ibid, 3, 019501(2019)



Materials discovery based on EA 22
T. Ishikawa et al., Phys. Rev. B 100, 174506 (2019)
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Data collection (First-principles data)
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GP training
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sc evaluation value x
R=0.81

Details of function:

f=+ X4+ u*--+9---8++u*--+9-++ +
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+M7++-9+---4+4-+9-+P6+6h x X+
U+ u*x uh99+3h x10+6h1010P -9 +
+STM~+ +x87--+P-+h10--M71-8+
++81 X uy*h+--+M7++ +++M8h--+
M++-u"X9h+-+X-+-3xMM104104
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M 109 X + --+9+ X - MP61 X X+ u*+
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Polish notation:
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OR O =2 %X (X-1)+3 + cos(Y
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First-principles validation 25
T. Ishikawa et al., Phys. Rev. B 100, 174506 (2019)
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