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http://www.soumu.go.jp/menu_news/s-news/01iicp01_02000072.html

(275 ] EU—#&T—3{RFEM A (GDPR)

= GDPR-22

1.

The data subject shall have the right not to be subject to a decision based
solely on automated processing, including profiling, which produces legal
effects concerning him or her or similarly significantly affects him or her.

. Paragraph 1 shall not apply if the decision: is necessary for entering into, or

performance of, a contract between the data subject and a data controller; is
authorised by Union or Member State law to which the controller is subject
and which also lays down suitable measures to safeguard the data subject’s
rights and freedoms and legitimate interests; or is based on the data subject’s
explicit consent.

. In the cases referred to in points (a) andf(c) of paragraph 2, the data controller

shall implement suitable measures to safeguard the data subject’s rights and
freedoms and legitimate interests, at least the right to obtain human
intervention on the part of the controller, to express his or her point of view
and to contest the decision.

Decisions referred to in paragraph 2 shall not be based on special categories of
personal data referred to in Article 9(2)1), unless point (a) or (g) of Article 9(2)
applies and suitable measures to safeguard the data subject’s rights and
freedoms and legitimate interests are in place.


https://gdpr-info.eu/
https://gdpr-info.eu/art-22-gdpr/

[5%) &BEAGHSIEROLERCE

« AT RIBER T Ek B = 55 (N REAT)
. T ATANBE R TR AT 5B (32) 10T ERE TEBALAD T IO-FO—
ELTHBHATAEIAFN TS,

« REEXHE

- TR TREE - Oy FRZ TR IOBE MO PRI, ADREEDERT
ENRTEPTO-FO—2E L TERBARMTNZEIToN TS,

» BB R B R (UST)
. BRRBASEBE LY — 5T (BB TOR—)L) AUS I V2T LOR & 1 - (S48t

EHEART BT hOTT T RO INMABISNL, SO THIPEINE
E R O— L LTI EFAN TS,
 BARFHAES R

- TALE FHEES |OFRTAIDTZYDRDAMEICE R LTHN, SRR OBFZT B 5
DLEHENFEREIN TS,

10


https://www8.cao.go.jp/cstp/tyousakai/jinkochino/7kai/siryo3.pdf
http://www.meti.go.jp/main/yosangaisan/fy2019/pr/ip/sangi_06.pdf
http://www.jst.go.jp/crds/report/report01/CRDS-FY2018-SP-03.html
http://www.keidanren.or.jp/policy/2019/013_honbun.pdf

PR S DE R

s FF(C2016FE LURE . B &= BEED

SRR ICEE T 4 am X hM & N

. ICML, NIPSTZE D1

=53y THEMESN T3,

» HERZEFEDHEF
- BHEECHITEEE

| R = a5 CHERRIE -

2B T RE TR B

BHTED

RiE FLDTVDII—D), AT H08E, Vol.33,

No.3, pages 366--369, 2018.

- T4=T5—=Z5 0%

AT AR L2 38

=d

2 fiE 9 HF %, Qiitast

11


https://www.ai-gakkai.or.jp/my-bookmark_vol33-no3/
https://qiita.com/icoxfog417/items/8689f943fd1225e24358

RS DB

« AIDEREA IICBE T 2 5m X DFERS

Peeking inside the black-box: A survey on Explainable Artificial Intelligence (XAl)
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« Why Should | Trust You?: Explalnlng the Predictions of Any
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« Understanding Black-box Predictions via Influence Functions,
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Test Data 0, Label: <=50K
Prediction probabilities

<=50K | 0.95
>50K

Test Data 12, Label: >50K

Prediction probabilities

<=50K
>50K

<=50K >50K
Capital Gain <= 0.00
021
Marital Status=Div...
0.06
Age <= 28.00
0.05
Sex=Female
0.03!
9.00 < Education-N...
0.03!
<=50K >50K
Capital Gain <= 0.00
023
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0.10
Occupation=Exec...

Marital Status=Mar...

Feature Value

Age

Workclass=Private

27.00

True

fniwgt 177119.00

Education=Some-college

Education-Num

Marital Status=Divorced

Occupation=Adm-clerical

Relationship=Unmarried

True

True

True

Feature Value

Age 53.00

Workclass=Private True

fniwgt 123011.00

Education=Masters True

Education-Num

Marital Status=Married-civ-spouse

Occupation=Exec-managerial

Relationship=Husband

19



LIME® it FA 451

{% HIL\H&G) Zh E

(a) Original Image (b) Explaining Electric guitar (c) Explaining Acoustic guitar  (d) Explaining Labrador

Figure 4: Explaining an image classification prediction made by Google’s Inception neural network. The top
3 classes predicted are “Electric Guitar” (p = 0.32), “Acoustic guitar” (p = 0.24) and “Labrador” (p = 0.21)
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Figure 11: Raw data and explanation of a bad

lJT L \5 L—t h\;}’)b\é o model’s prediction in the “Husky vs Wolf” task.
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= Data Poisoning
- FEEUVCHART - ANDEZEDEVFE T HTHO /1 X%
DB, "B FE T —37ES,
C ERE BT —ATRE UEETIUL. B LERRT—4T
FﬁﬁEZ—%J:D(:E%o

Label: Fish Label: Fish

~

Figure 5. Training-set at-
tacks. We targeted a

A small
perturbation set of 30 test images fea-
to one turi h r . author’s
training uring the first author’s
example: dog in a variety of poses
and backgrounds. By
maximizing the average
loss over these 30 im-
Can change ages, we created a visually-
multiple test . .
predictions: 1mpercepuble cl}apge . to
the particular training im-
\ ) age (shown on top) that
Orig (confidence): Dog (97%) Dog (98%) Dog (98%) Dog (99%) Dog (98%) flipped predictions on 16
New (confidence): Fish (97%) Fish (93%) Fish (87%) Fish (63%) Fish (52%) test images.
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N 2> when
Relationship # Not-in-family, Wife

Capital Gain < 7370

XA * % when

Relationship # Not-in-family
Capital Gain >= 7370

XA 4> when

Relationship # Not-in-family, Unmarried
Capital Gain < 5095
Capital Loss < 2114

IXA * % when

Relationship = Not-in-family
Country # China, Peru
Capital Gain < 5095

XA 2> when
Relationship # Not-in-family
Country # China

Capital Gain < 5095

N © % when

Relationship # Not-in-family
Capital Gain >=7370
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